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(2) MAGHZIAKA ANOTEAEZMATA

Ma6nolakd AntoteAécpata
Meptypdpovral Ta padnolaka AmoTEAETUATA TOU UOTUOTOG OL CUYKEKPLUEVES YVWOELS, SEELOTNTEC KAL LKAVOTNTEG
kataAArdou emumeSou mou Ya artoKTHOOUV OL POLTNTESG UETA TNV ETLTUXN OAOKARpwaOn Tou HadnUaTogs.
JupuBouleuteite to Mapaptnua A
o [leptypacri Tou Emunédou twv Madnaotakwv AltoTeAeoudtwy ylo kade Eva KUkAo omoubdwv ouupwva Ue to lMAaioto
Mpoadvtwy tou Eupwnaikot Xwpou Avwtatng Ekmaibevang
o [lepypapikoi Acikteg Emutédwy 6, 7 & 8 tou EupwrniaikoU MAataiou Mpoaoviwv Awa Biou Madnong kot to Mapaptnua B

o [lepiAnmtikog O8nyoc ouyypaprc Madnaotakwv ArtoteAsoudtwyv

Me tnv erutuyr) oAokAfjpwon tou padhipatog, o portntrig/n poitpia Ba sivon o Oéon va:

o [eplypadel TIG BaokéG apXEG TNG CUYXPOVNG UNXOVLKAG LABNonG Kal va Slakpivel
HeTafV eTUPBAEMOUEVNG, UN ETUPBAETOUEVNC KAL EVIOXUTIKAG LABnong.

e  EmAéyel kal epappolel katdAAnAoug alyopiBuoug unxavikng padnong ya
npoBAnuata npopAedng, tafvounong, opadomnoinong kat Adng anoddacewv.

e  E&nyeltn Soun Kal tn AsLtoupyla TWV TEXVNTWY VEUPWVIKWY SIKTUWV Kal va oXeSLAlEL,
ekmaldeVeL Kat aflohoyel armAd VEUPWVLKA SiKkTua.

e  Xpnolpomnolel clyxpova Aoylopikd Kot BLBALoBnkeg BabLag uabnong yla tnv avamntuén
Kol 0€LOAGYNGCN LOVIEAWY UNXAVIKAG Labnong.

o Aflohoyel TNV amodoon LOVIEAWV UNXOAVIKAG LABNGNG XPNOLULOTIOLWVTAG KATAAANAES
pneBOSoug emkUpwong Kat deikteg anddoonc.




o [eplypadel TG PaolkéG apXEG, TIC SUVATATNTES KOL TOUG TIEPLOPLOUOUG TG BabLag
paBbnong, twv apyttektovikwy Transformer kat twv MeydAwv Mwookwv MovtéAwv
(LLMs).

e AvVOAUEL TN XPHON TEXVLKWYV TEXVNTAG VONOOUVNG 0€ £DOPUOYES TNG VAUTIALAG, TwV
Apévwy, g edoblaoTikAg aluoibag Kot TwV AUTOVOUWY VAUTIALOKWY CUCTNUATWY.

o [eplypadel oUYXPOVEG EPEVVNTIKEG KATEUOUVOELG TNG TEXVNTAG VONOoUVNG, OTIWG N
egnynolun texvntn vonuoouvn (Explainable Al), n peta-uabnon (Meta-Learning), n
veupoouuBoAkn nadnon (Neuro-symbolic Al) kal GAAEG avadUOUEVEG TEXVIKEG.

o Aflohoyel TIg NOLKEC, VOULKEG KL KOWVWVLKEG TIPOEKTATELG TNG XPONG CUYXPOVWV
OUGCTNUATWY TEXVNTAC VOnUooUVNG.

o Avantiooel anAég edapUOYEG TEXVNTHG VONHOOUVNG A&LOTIOLWVTOG GUYXPOVA
epyaleia Aoylopikou kat BLBALOOAKEG LNXaAVIKAG LABnong.

Fevikég Ikavotnteg
AauBavovtag urtoYn TIG YEVIKEG LKAVOTNTES TTOU TIPETIEL VAL EXEL QTTOKTIOEL O TTTUXLOUXOG (OMTWG QUTEG QVAYPAPOVTAL OTO
Mapdptnua AutAwuatoc kot mapatidevrat akoAoUdwe) e mola / MOLEC ATO AUTEC ATTOOKOTEL TO pUadnua;.

Avairitnan, avaAuon kat oOvdeon SeSougvwy Kot Sxeblaouog kot Staxeiplan Epywv

TTANPOWOPLWY, UE TN XPION KOL TWV QIapaitnTwy 2eBaou0G aTn SLAPOPETIKOTNTA KOl OTNV TTOAUTIOALTIOMIKOTNTA
TEYVOAOYLWV 2eBaoudg ato pualko neptBaiiov

lpooapuoyr o€ VEEG KATAOTHOELG Enibeién kolvwvikrg, emayyeAUatiknic kat nUikn¢ umeuduvotntag
AnyYn anopaocewv Kat evatodnoliog o Véuara UuAou

Autévoun epyaoio A0KNON KPLTIKAG KOl LUTOKPLTIKIG

Ouadikn epyaoia Mpoaywyn TG EAcUIEPNG, SNULOUPYIKNG KOl ETTAYWYLKIG OKEYNG
Epyaocia oe biedvég meplBdAlov L.

Epyaocia og Siematnuoviko neptBaAlov AMeg...

Mapaywyn VEWV EPEUVNTIKWV LOEWYV e

[Ipocapoyn og VEES KOTAGTAGELS

ANMym amopdoewv

Avtovoun gpyocio

Opoadwn epyacia

AGKNON KPUTIKNG KOl QVTOKPLTIKTG

[Tpoaywyn g eAevBepng, NUOVPYIKNG KOl ETMOYMYIKNG GKEYNG

(3) NEPIEXOMENO MAGHMATOZ

e  AvooKOTNGN BACLKWY EVVOLWY UNXAVLKNG LABnaong

e  EmPAenopevn pabnon: moAwvdpounon kat taflvounon

e AfloAdynon HovTEAWY, SLaCTAUPWEVN ETILKUPWAN, UTIEPTIPOCA POV,
Kavovikormoinon kot Seikteg anodoong

e  Mn emBAendpevn pabnon: opadomnoinon, Helwon SLACTATIKOTNTAG KoL aviyveuaon
QVWUOALWV

e  Mnyxovég Alavuopdtwy YnootnplEng (Support Vector Machines)

o Aévbpa amodpdaocswv, pEBodol cuvolwv (Ensemble Methods) kat Tuxaia Adon
(Random Forests)

e  BaOLKEC APXEC EVIOXUTIKNG LABnaong

e Eloaywyn ota TEXVNTA VEUPWVIKA SikTua

e [oAueminedol avtiAnmTnpeg Kot oAyopLlBuog ontobodladoong opAApATOC

e  BaBld veupwvika Siktua Kal TEXVIKEG eKTtaldeuong

®  JUVEAIKTIKA VEUPWVLKA SikTtua Kal edapUOYEG TOUC

e Avadpoulkd veupwvika Siktua, povrehomoinon akoAouBLwv kat LSTMs




Mnxaviopol mpocoxng (Attention) kat apxttektovikeég Transformer

Meyaha NMwooikd Movtéha (LLMs): apxeg Aettoupylag, SuvatotnTeg, MEPLOPLOKOL,
prompting kat Retrieval-Augmented Generation (RAG)

MpoakTkn avantuén edaproywy UNXOVIKAG Ladnong pe Scikit-Learn, PyTorch kot
TensorFlow/Keras

EdapuoyEC TEXVNTAG vonuooUvng ot vauTiAla, ot Alpevikn Asttoupyla, otnv
edoblaotikn aluoida, ota autévoua mAola Kot 6TNV avaAuon VOUTIALAKWY
Sedopévwy

Juyxpoveg e€eNi&elg oTnV TEXVNTA vonuoouvn: petadopd nabnong (Transfer Learning),
peta-pabnon (Meta-Learning), veupoouppoAwr pabnon (Neuro-symbolic Al),
veupoe&£AEn (Neuroevolution), e€nynolun texvnth vonuoaouvn (Explainable Al), World
Models kat aglomiotn texvntr vonpoaouvn (Trustworthy Al)




(4) AIAAKTIKEZ kat MAGHZIAKEZ MEGOAOI - AZIONOIHzZH

TPOMNOZ NAPAAOZHZ
lMpdowrno ue mpoowrno, E§ amootacewg
ekmaideuan KA.

MNpOOoWMO LE TPOCWIIO

XPHZH TEXNOAOIIQN
ANAHPO®OPIAZ KAI ENIKOINQNIQN
Xprion T.IM.E. otn Abaokadia, otnv
Epyaotnpiakr Eknaibevon, otnv Emikowwvia
LE TOUG (POLTNTEG

Xpnon T.MN.E. otn Adaokalia, Xprion e-Class, xprion
BBALOONKWY UNXaAVIKAG LABnong

OPrANQzH AIAAZKAAIAZ

Meplypagovtar  avaAutikd o0 TPOmMoG  Kal
uédobol Stéaokaliag.
AaAéewg, Seuwvapla, Epyaotnpiakrn Acknon,
Aogknon  [ebiou, MeAétn & avdAuon
BiBAwoypagpiag, @povriotipto, Mpaktikn
(Torto9€tnon), KAwwn Aoknon, KoaAAwrexviko
Epyaotiipto, Awabpaotikn Stbaokalia,
EKatSeUTIKEG ETIOKEWELG, EKmOvnon UEAETNG
(project), Suyypan epyacias / epyaciwy,
KaAAwteyvikn dnutoupyia, K.AT.

Avaypdpovtal oL WPeg UEAETNG TOU POLTNTI) yLaL
kade padnotakn paotnplotnta kadweg Kat ot
WPEG Un kaedobnyoUUEVNG UEAETNG CUUQWVA LUE
TG apxEG Tou ECTS

, ®Doprog Epyaciag
Apaotnplotnta Efaprivou
AloAEeLg 52
Atopikn 1 opadikn epyooia 28
Mn kaBobnyoupeve PLeAETN 70
Zuvolo 150

AZIONOTHZIH ®OITHTQN
NMepypapn e dtadikaoiag aétoAdynong

Mwooa AéloAdynong, MéSobdor atoAdynong,
ALUopQWTLKY 1 SUUMEPAOUATIKY, AoKuaoia
MoAXamAri¢  Emtdoynig, Epwtroelg Zuvtoung
Anavtnong, Epwtrioelg Avamtuéng Aokiiwv,
Ermtiduon MpoBAnuatwv, [panty Epyaoia,
Ex9eon / Avagopd, [pogopikn Eétaon,
Anuoota Mapouoiaon, Epyaoctnpiakn Epyaocia,
KAwikn  Eéétaon AoOevoug,  KaAAwteyvikn
Epunveia, AAAn / AAeg

Avapépovtal pnta mpoodLloplopEva KpLTHpLa
aéloAdynaong kat eav kat mou eivat mpooBaaotua
Q7O TOUG (POLTNTEG.

Mpartth TeAkn) e€€taon He EpwTAOELS TIOAAATIARG
erloyng kat/n cuvtopa mpoBAnuata
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